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Abstract 
AI has developed rapidly. However, AI research in applied linguistics in the field of 

language education in Indonesia still needs to be expanded to reading and writing 

skills. This research aims to explore students' skills in writing summaries and 

understanding the historical theme of the development of the Indonesian language 
with AI based on gender and university aspects. The quantitative method uses 

descriptive statistical analysis techniques, independent sample t-test, and Welch 

One-Way ANOVA. The research sample was  288 students from Makassar State 

University, Timor University, and Makassar Health Polytechnic. The results show 
that ChatGPT is significantly better at reprocessing text than students based on the 

aspects measured. ChatGPT outperforms almost every aspect of the assessment. 

However, in the MCT_Score aspect, the average for Universitas Negeri Makassar 

students is slightly higher than ChatGPT and the other two universities. Meanwhile, 
the Makassar Health Polytechnic almost matches the average ChatGPT score. Apart 

from that, the Universitas Timor average seems significantly different, with a score 

range of only 6.00 – 7.00. This research contributes to developing the Indonesian 

curriculum using Artificial Intelligence (AI) technology. The government can use 
these findings as a basis for making better policies to improve the quality of 

education. This research implies that Indonesian students have a gap in 

understanding texts compared to ChatGPT. The first implication is the need to 

revise and develop the educational curriculum. Therefore, future research can 
examine text comprehension abilities in more specific contexts, such as scientific 

texts, journalism, literature, or specific scientific disciplines. It can provide more 

detailed insight into students' strategies for overcoming difficulties in understanding 

texts. In addition, future research will be conducted on the broader impact of using 
Artificial Intelligence technology in language education on the development of 

student text comprehension and the potential social and ethical impacts. 

Key words: Artificial Intelligence, ChatGPT, language education, higher education 

students, text comprehension, writing skills 

 

Introduction 
Language as a communication tool is unique in acquiring and learning from one 

individual to another. As language users, humans have competed with AI in 

language acquisition, mastery, and aspects of learning methods. In contemporary 

times, educators harness advanced technical and informational tools to craft 
engaging learning environments. At the same time, students can access educational 

materials from anywhere at any time through their devices. Innovative technologies 

facilitate individual and collaborative learning, skill development, competency 

training, and diversifying educational content (Lukianenko & Vadaska, 2020). In 
Ukraine, the way to continue education in war conditions found widespread 

adoption of online and blended teaching models. The ongoing conflict significantly 

disrupts the regular operations of schools and educational institutions, impeding 

students' access to a secure and stable learning environment. The need for more 
resources, such as books, equipment, and skilled teachers, worsens the educational 

system's challenges. 
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Furthermore, the continual menace of violence and displacement further obstruct 
students' capacity to attend school consistently. Despite these challenges, local and 

international organizations are working to offer educational support and resources to 

alleviate the impact of the conflict on the education of Ukrainian children and 

youth. This global trend is on the rise and has garnered support from the United 
Nations, which has advocated for a shift in teaching methods. The digital revolution 

is considered the cornerstone of this transformation. Reports from 2022 indicate that 

effective utilization of connectivity and openly accessible digital educational 

resources has the potential to play a significant role in the transformation and 
democratization of education (Baklazhenko & Kornieva, 2023). 

Research related to the comparison of text reading comprehension results between 

humans and AI has been carried out by several researchers (Dao, 2023; Desaire et 

al., 2023; Duenas et al., 2023; Giannos & Delardas, 2023; Vázquez-Cano et al., 
2023; Xiao et al., 2023). The research presents a study that evaluates the scores 

obtained by ChatGPT when summarizing reading comprehension texts from the 

PISA international test with prompts that made him perform a simulation as if he 

were a 15-year-old student. The research found that ChatGPT summaries scored 
best in content and writing style, with scores 3 and 2.5 points higher than student 

scores (Vázquez-Cano et al., 2023). This study compares academic texts authored 

by academic scientists and those generated by ChatGPT. The findings indicate that 

humans favor a broader range of sentence structures than ChatGPT. While the 
average sentence length does not significantly distinguish between the two groups, 

distinctive factors include the standard deviation of sentence lengths within a 

specific paragraph and the median difference in word count between individual and 

subsequent sentences (Desaire et al., 2023). A separate research investigation 
analyzed a reading comprehension system designed to offer tailored and top-tier 

reading materials to middle school English students in China. A comprehensive 

assessment of the generated reading materials and their accompanying practice 

questions, both through automated and manual means, reveals that the content 
produced by the system is well-suited for students and outperforms the quality of 

presently available human-authored materials (Xiao et al., 2023).  

The research examines the comparative performance of three large language models 

(LLM), namely OpenAI ChatGPT, Microsoft Bing Chat (BingChat), and Google 
Bard, on the VietNamese High School Graduation Examination (VNHSGE) English 

language dataset. The performance of BingChat, Bard, and ChatGPT (GPT-3.5) was 

92.4%, 86%, and 79.2%, respectively. The results show that BingChat is better than 

ChatGPT and Bard. The results show that BingChat, Bard, and ChatGPT 
outperform Vietnamese students in English language proficiency (Dao, 2023). The 

research examines the comparison of creating multiple choice items for reading 

comprehension by ChatGPT with those created by humans. The research results 

show that ChatGPT can produce explanations with various types of information 
comparable to those created by humans (Duenas et al., 2023). 

Additionally, a research study was undertaken to evaluate ChatGPT's performance 

in conventional admission tests within the UK, including assessments like the 

BioMedical Admissions Test (BMAT), Test of Mathematics for University 
Admission (TMUA), Law National Aptitude Test (LNAT), and Thinking Skills 

Assessment (TSA). The aim was to gauge its potential as an innovative tool for 

educational support and test preparation. The results reveal that the proportion of 

correct responses is significantly lower compared to incorrect ones (Giannos & 
Delardas, 2023).  

AI research in Indonesia in linguistics has been carried out, including the work by 

Yudono (2023) examining AI's ability to write short horror stories. This study has 

identified several limitations in AI-generated horror short stories, including 
challenges in composing titles, crafting realistic dialogues, incorporating intrinsic 
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story elements, and utilizing olfactory imagery. AI does not generate story titles, 
formulate direct and engaging dialogues, reiterate essential story backgrounds, or 

employ the language style associated with olfactory imagery in its storytelling. 

Research (Prastiwi & Pujiawati, 2019) examines the combination of Artificial 

Intelligence (Paperrater) with natural intelligence in learning to write English. 
Through Paperrater, students can create better written English compositions; 

through natural intelligence, students can distinguish which feedback needs to be 

corrected and which should be ignored. Abimanto and Mahendro's research (2023) 

examines the effectiveness of using artificial intelligence (AI) in English language 
learning. The study revealed substantial enhancements in listening, speaking, 

reading, and writing proficiencies following the utilization of AI. These results 

support the efficacy of integrating AI technology into language learning practices. 

According to previous research, ChatGPT had higher content and writing style 
ratings than students. At the same time, significant differences in sentence structure 

were found between human-generated and ChatGPT-generated texts. Additionally, 

ChatGPT proficiently created explanations parallel to those generated by humans to 

create multiple-choice questions about reading comprehension. ChatGPT 
demonstrated advantages in certain areas, including text summarization and the 

creation of comprehension exercises. Therefore, weighing the pros and cons of 

implementing AI technologies in education is crucial. Based on several previous 

studies, it turns out that no research has been found that focuses on comparing the 
text comprehension results of bachelor students in Indonesia based on gender and 

university and comparing the text comprehension results between bachelor students 

and ChatGPT model GPT-3.5. The problem with this research is that there needs to 

be a clear understanding of the level of understanding between AI ChatGPT model 
GPT-3.5 and students. Therefore, this study aims to compare text comprehension 

between university students and ChatGPT through various statistical tests. The 

researcher formulated the research hypothesis as follows: 

 
H1a: Significant differences exist in text comprehension results based on gender 

groups. 

H1b: There are significant differences in text comprehension results based on 

university groups. 
H2: ChatGPT has higher text comprehension results than students. 

 

This research contributes to developing the Indonesian curriculum by utilizing 

technology such as Artificial Intelligence (AI). This research can help assess the 
extent to which the education curriculum in Indonesia has succeeded in developing 

tertiary students' text comprehension abilities. By comparing students' text 

comprehension abilities with ChatGPT, this research can provide insight into 

whether the existing curriculum is adequate in developing these abilities or needs 
changes. 

 

Literature Review 

AI literacy 
AI literacy refers to an individual's understanding and ability to recognize, 

comprehend, and interact with artificial intelligence (AI). It includes knowledge of 

how AI works, its types, and its impact on various aspects of life (Laupichler et al., 

2022, 2023). AI literacy involves skills that can be applied to increase efficiency 
and innovation in various industries (Carolus et al., 2023; Hornberger et al., 2023). 

Individuals who have physical access to information and communication technology 

are more expected to use and recognize AI (Celik, 2023, p. 1). With the increasing 

role of AI in modern society, AI literacy is becoming increasingly important, both 
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for the general public and professionals, so that they make better decisions about the 
use of AI, avoid misuse of AI, and contribute to the development of this technology. 

Individual factors reflect AI competencies: technical understanding, critical 

judgment, and practical application (Laupichler et al., 2023: 1). 

The development of AI literacy helps reduce the digital gap between individuals and 
groups with access to and understanding AI and those without (S.-C. Kong et al., 

2022, p. 1). It allows more people to participate in the development and use of AI 

and promotes inclusion in the AI era. Using social robots as learning companions 

has been proven to help students understand AI principles (Su & Zhong, 2022: 1). 
Participating students could propose authentic scenarios, apply their new knowledge 

of AI, and devise meaningful AI-based solutions in digital stories (Mertala et al., 

2022; Ng et al., 2022). Therefore, AI literacy education and training must prepare 

society to face a future increasingly connected to AI technology (Dai et al., 
2023: 84). 

 

AI in Language Education 

Artificial intelligence (AI) has significantly changed the landscape of language 
education. AI in language education enables a more personalized and practical 

learning experience. Through massive analysis of student data, AI can identify 

weaknesses in language comprehension, measure speaking and writing levels, and 

design a customized curriculum for each individual. To seamlessly integrate and 
leverage key language models within the educational framework and teaching 

curriculum, it is imperative to establish a well-defined strategy within the education 

system. Adopting a straightforward pedagogical approach that substantially 

emphasizes critical thinking and fact-checking strategies is essential (Kasneci et al., 
2023). AI is a tool that has the potential to help language learners process language 

in a more structured way than traditional word processors (Gayed et al., 2022; 

González-Lloret, 2023). 

Applications of AI within academics and education encompass various domains, 
such as providing educational assistance and constructive feedback, facilitating 

assessments, tailoring curricula to individual needs, offering personalized career 

guidance, and delivering support for mental health and well-being (Alqahtani et al., 

2023; Lim et al., 2023). With the help of chatbots and virtual assistants, students can 
practice speaking and writing languages interactively, which helps improve their 

confidence and communication skills. Moreover, AI empowers educators to 

precisely gauge student advancement and offer prompt feedback, thereby enhancing 

the efficiency and effectiveness of language education. Nevertheless, there exist 
both challenges and prospects concerning AI literacy in education, specifically: (1) 

a deficiency in educators' knowledge, skills, and confidence regarding AI; (2) 

inadequacies in curriculum design; and (3) a shortage of established teaching 

guidelines (Su et al., 2023, p. 1). Consequently, the University of Florida (UF) 
integrates AI into its curriculum. It creates avenues for student involvement in 

identified facets of AI literacy, irrespective of the student's field of study 

(Southworth et al., 2023, p. 1). 

AI facilitates more accessible and cost-effective availability of language learning 
resources. AI-driven learning methodologies can enhance the advantages of 

personalized AI support and reinforce the sense of a collaborative learning 

environment between humans and AI (Gill et al., 2024; Wang, Liu et al., 2023). AI-

powered language learning app, students can learn anytime and anywhere, without 
limitations of time or place. Utilizing GPT for Automatic Essay Scoring (AES) 

offers accuracy and reliability, contributing valuable assistance to human evaluators 

(Mizumoto & Eguchi, 2023, p. 1). 

The latest technology enables better automatic translation, making language 
learning materials from various languages more accessible. Additionally, AI helps 
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teach languages to people with disabilities with voice or text-based tools, opening 
up more inclusive educational opportunities. Based on semi-structured interviews 

conducted with twelve instructors at a higher education institution in Hong Kong, 

the findings highlight the importance of gaining competence and self-assurance in 

utilizing AI-based teaching tools. They also shed light on the difficulties and 
apprehensions encountered by language instructors and underscore the demand for 

tailored support in this context (Kohnke et al., 2023, p. 1). In this way, AI brings 

significant innovation to language education, helping students learn more 

effectively, efficiently, and inclusively. The readiness to employ AI in education, 
encompassing cognition, capability, and a forward-looking vision, is positively 

associated with ethical considerations. Each of the four components of AI readiness 

demonstrates favorable correlations, whereas the perceived threat posed by AI 

exhibits a negative correlation. Conversely, AI-facilitated innovation positively 
correlates with teacher job satisfaction (Ramadevi et al., 2023; Wang, Li, et al., 

2023). 

 

ChatGPT 
ChatGPT is a language model developed by OpenAI based on the GPT-3.5 

architecture. ChatGPT is designed to perform text-based tasks such as talking to 

users, answering questions, and interacting naturally in human language. This model 

has been trained with various text sources from the internet so that it has extensive 
knowledge until 2021. ChatGPT can be used in various contexts, from virtual 

assistants for customer support and online tutors to writing and communication 

tools. ChatGPT can establish interactive learning environments and replicate 

genuine engineering thought processes (Kong et al., 2023: 1). The increasing 
prominence of ChatGPT, an advanced language model that employs deep learning 

techniques to simulate human-like conversations, has raised concerns about its 

potential for misuse, particularly within the context of academic environments 

(Sweeney, 2023; Tsai et al., 2023). Honesty and humility have the most substantial 
relationship with the intention to use chatbot-generated text to commit academic 

cheating (Greitemeyer & Kastenmüller, 2023: 1). 

One of the exciting features of ChatGPT is its ability to understand the context of a 

conversation and generate relevant responses (Choi et al., 2023). This model can 
adapt to various languages and conversational styles, making it useful in various 

communication applications. However, like all AI technology, ChatGPT has 

limitations, including a tendency to produce information that is not always accurate 

or produce inappropriate content in some cases. Therefore, the use of ChatGPT 
needs to be managed wisely and monitored to ensure ethical and beneficial use in 

various contexts (Dalalah & Dalalah, 2023: 1). 

 

Methods 

Research design 

This research uses quantitative descriptive analysis to compare the results of 

students' understanding of historical texts on the development of the Indonesian 

language and the AI ChatGPT technology GPT-3.5 model. The research was carried 
out in two broad stages: research on students and AI (ChatGPT). In the first stage, 

the researcher selected a sample of students who read the text. After that, students 

were given a comprehension test consisting of multiple-choice and summary tests. 

In the second stage, researchers input text as AI learning material via ChatGPT 
model GPT-3.5. Afterward, the researcher input the instructions: "Based on several 

pieces of text that have been given, summarize around 250-300 words." ChatGPT 

processes the text into memory into as many summaries as desired. Then, a 
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multiple-choice test with ten questions is given. ChatGPT answers these questions 
based on text input provided by the researcher. 

Finally, to ensure that the evaluation is homogeneous, the researcher created a 

summary assessment rubric according to two aspects, namely content and writing 

style, by modifying several assessment aspects that had been developed previously 
(Vázquez-Cano et al., 2023). 

 
 

Population and sample 

The population of this study was N=1034 students from Universitas Negeri 

Makassar (UNM), Universitas Timor (Unimor, and Makassar Health Polytechnic 

(Poltekkes Makassar). The number of samples was n=288 students obtained through 
simple random sampling techniques. The number of samples is calculated based on 

Slovin's formula as follows. 

 

𝑛 =
𝑁

1+𝑁𝑒2
    (1) 
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Instruments, procedures, and data collection 

Researchers use tests as research instruments. The instrument consists of a 
summarizing test and multiple choice. Before the test, the researcher gave students a 

text entitled "History of the Development of the Indonesian Language," which 

contained 4574 words. The text was obtained from the Indonesian language module 

of the Open University of Indonesia (Pramuki, 2018). The text comprehension test 
was carried out online using the help of a Google Form, which was distributed to 

students from selected universities. Data collection will be carried out in September 

2023. 

 

Data analysis 

This research uses descriptive and inferential statistical analysis techniques. 

Descriptive statistical analysis calculated the difference between students' mean 

scores and ChatGPT. The inferential analysis method used in this research is the 
independent sample t-test and Welch ANOVA. Independent sample t-test was used 

to determine differences in scores based on gender groups, namely men and women. 

Meanwhile, Welch One-Way ANOVA was used to determine differences in student 

scores based on university. The normality and homogeneity tests are assumption 
tests carried out in this research. The Q-Q Plot normality test was carried out to test 

the normality of the data distribution. Meanwhile, Levene's test was carried out to 

test the homogeneity of variants. Researchers used the Jamovi 2.3.28 program to 

carry out these statistical tests. 
 

Results  

Descriptive statistics 
Table 3 contains descriptive statistics for the five variables mentioned: MCT 

(Multiple Choice Test), SMT_Content (Summarizing Test-Content), SMT_Style 

(Summarizing Test-Style), SMT (Summarizing Test Total Score), and 

Overall_Score. This table contains important information about the samples used in 
the analysis. This sample consists of 289 observations (including ChatGPT), and no 

missing data in any variable indicates good data integrity. 
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Mean MCT was 7.78, whereas SMT_Content has a mean of 6.45, SMT_Style 
around 7.02, SMT 6.73, and Overall_Score has a mean of 7.26. Standard error of 

the mean (standard mean) relative error small For all variables, denotes that the 

mean Enough can reliable. Next, a 95% confidence interval for the mean is 

provided. We limit the bottom and limit The estimated range around the mean. The 
median of these variables has also been included, depicting the data distribution's 

middle value. Standard deviation indicates the degree of variation in the data. It can 

be seen that MCT has the highest standard deviation of around 1.95, while 

SMT_Content has a standard deviation of around 1.77. The data range, namely the 
minimum and maximum values, shows that all variables have a scale of 1 to 10. 

Skewness describes the extent to which the data distribution is asymmetrical, with 

negative values indicating the presence of negative skewness in the MCT, 

SMT_Style, SMT, and Overall_Score distributions. Kurtosis measures the degree to 
which a data distribution is more or less likely to be conical compared to a normal 

distribution. The kurtosis results show that all variables have positive kurtosis. 

 

Comparison between students 
An Independent sample t-test was conducted to evaluate significant differences in 

text comprehension results between men and women. To better understand these 

possible differences, this study looked at the p-value and effect size. The analysis 

results are presented in Table 4 below, which provides a clear insight into potential 
differences in text comprehension between the two gender groups. 
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A vital consideration in this analysis is the p-value, an indicator of statistical 

significance. In this context, the null hypothesis (H0) states that no significant 

difference exists between men and women in text comprehension. In this research, 

the significance level generally used is 0.05. The analysis results show that the p-

value for all these variables exceeds the specified significance level. Therefore, 

based on this analysis, there is insufficient statistical evidence to reject the null 

hypothesis. Based on existing data, there is no significant difference between male 

and female groups in text comprehension. 
 

In addition, the effect size was measured using Cohen's d. The effect size provides 

an idea of the extent of the difference between two groups in standard units. Cohen's 

d values of all variables are relatively small in this context. It shows that if there are 
differences, they do not substantially impact text comprehension between men and 

women. The validity of a hypothesis can be accepted if the data meets the 

assumption test. Figure 1 below shows the level of normality of data using a Q-Q 

plot. 

 
 

 

 
Figure 1 above shows a typical data distribution. It is shown by the tendency of the 

data plot to approach a linear line. Even though the tail still looks far away, the 

distance between the plot and the linear line is insignificant. Therefore, the 

normality of data distribution is acceptable. Apart from normality, Table 5 below 
presents a homogeneity test using the Levene value. 
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Levene's test is used to test whether the variance of the groups compared in the 

study is homogeneous. Table 5 above shows that the variance of all variables is not 

significantly different. The p-value (significance) is more significant than the alpha 

level used (0.05), which indicates that the assumption of homogeneity of variance is 
met. In other words, the variances of these groups are relatively equal. 

 

 
 

Table 6 above provides information about the differences in scores between men 
and women in several tests. The average Multiple-Choice Test (MCT) score for men 

and women has very little difference, with the average for men being 7.80 and 

women 7.76. It shows no significant difference between the text comprehension 

results of men and women because the average difference is minimal. 
 

However, when looking at other variables, such as Summarizing Test-Content Score 

(SMT_Content) and Summarizing Test-Style Score (SMT_Style), it can be seen that 

women tend to have a higher average score than men. Regarding content 
understanding and summary writing style, women may have slightly better abilities 

than men. Furthermore, considering the Summarizing Test Total (SMT) and Overall 

Score scores, the differences between men and women are also very small. In this 

case, there is no significant difference between the two. 
Therefore, the differences between men and women appear to be most pronounced 

in SMT_Content and SMT_Style, with women having slightly higher averages. 

However, this difference is not statistically significant based on the results of the t-

test that was carried out. Differences in text comprehension results based on 
university were obtained using the Welch One-Way ANOVA test, presented in 

Table 7 below. 
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Table 7 above shows the statistical results of the hypothesis test for significant 
differences between universities using the Welch One-Way ANOVA test. The 

Welch statistic was chosen because the homogeneity assumption was not met, but 

the normality assumption was met. 
 

The Welch One-Way ANOVA test results show significant differences between 

universities in all observed variables, namely MCT, SMT_Content, SMT_Style, 

SMT, and Overall_Score (p<0.05). It means there are significant differences in 
scores between universities in all aspects measured. In addition, the Fisher's test 

results also show significant differences between universities for all variables. It 

confirms the findings from the Welch One-Way ANOVA test that there are 

significant differences in university scores. 
 

Some factors may contribute to these differences, such as differences in teaching 

methods, curriculum, or students' level of preparation. Therefore, further research is 

needed to understand the factors that influence these differences and university 
strategies to improve student performance in the various aspects measured. Tests of 

the normality and homogeneity assumptions of the data are presented in Figure 2 

and Table 8 below. 
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Figure 2: Normality Q-Q Plot of One-Way ANOVA Test 

 
Figure 2 shows that the data is normally distributed. That is depicted by the tending 

density of the plot approaching a linear line. Additionally, Table 8 presents 

homogeneity test results from data variance.  

 
 

The results of the homogeneity test using Levene's test for several variables 

analyzed have been analyzed in the table. The homogeneity assumption is that the 

variability between groups of data is the same or homogeneous. Based on the test 
results, MCT, SMT_Style, SMT, and Overall_Score do not meet the homogeneity 

assumption. The results of the Levene and Bartlett tests for these four variables 

show that the p-value obtained is less than the specified significance level (0.05), so 

there is strong enough evidence to state that the data in these variables are not 
homogeneous. On the other hand, for the SMT_Content variable, the Levene and 

Bartlett test results show a p-value greater than 0.05, so there needs to be more 

substantial evidence to conclude that the data in the SMT_Content variable is not 

homogeneous. Therefore, the Welch statistic was chosen because the data variances 
were assumed to be unequal. 
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Table 9 provides very relevant information about the differences in text 
comprehension results between three different universities, namely Universitas 

Negeri Makassar (UNM), Makassar Health Polytechnic (Poltekkes), and Universitas 

Timor (Unimor) using several evaluation variables.In terms of the Multiple-Choice 

Test Score (MCT), although the mean difference between UNM and Poltekkes is 
not significant, UNM has a slightly higher mean score than Unimor, indicating 

better performance based on this test. 

 

In the Summarizing Test-Content Score (SMT_Content) and Summarizing Test-
Style Score (SMT_Style) variables, Poltekkes shows a significantly higher mean 

value than UNM and Unimor. It indicates that Poltekkes students tend to have better 

performance in understanding text content and writing style compared to students at 

other universities. The same can be seen in the Summarizing Test Total Score 
(SMT) and Overall Score (Overall_Score) variables. Poltekkes again shows a higher 

mean value than UNM and Unimor. It indicates that the Poltekkes had better overall 

academic performance in the exams observed. 

 
Based on the data, Poltekkes appears to have better academic performance than 

UNM and Unimor in various aspects measured, including content understanding, 

writing style, and overall. These differences reflect differences in teaching methods, 

curricula, or student characteristics between the universities. 
 

Comparison between students and ChatGPT 
Table 10 presents a comparison of the average text comprehension results between 

students and ChatGPT in several aspects measured, namely MCT (Multiple Choice 

Test Score), SMT_Content (Summarizing Test-Content Score), SMT_Style 

(Summarizing Test-Style Score), SMT (Summarizing Test Total Score), and 
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Overall_Score (Overall Score). From this data, it can be seen that ChatGPT has a 
higher average score than students in all aspects measured. 

 

 

 
 

 

Based on MCT results, ChatGPT has an average score of 8.00. Meanwhile, the 
student only reaches an average score of 7.78. Something similar also happens with 

SMT_Content ChatGPT's average score of 7.50, while students only reach an 

average score of 6.45. Significant improvements are also seen in SMT_Style, 

ChatGPT's average score of 9.75. Meanwhile, students only reach an average score 
of 7.01. Furthermore, in SMT (Summarizing Test Total Score), ChatGPT is also 

superior, with an average score of 8.63. Meanwhile, the student reached an average 

score of 6.73. Even on Overall_Score, ChatGPT owns an average score of 8.31, 

while students only reach an average score of 7.25. That thing is more carry on 
shown in Figure 3 below. 

 

 
Figure 3: Level of Text Comprehension by Students and ChatGPT 

 

Based on the matter, ChatGPT is significantly better in process return text than 

student based on the aspect being measured. Figure 3 shows that ChatGPT 
outperforms almost all aspect assessments. However, on aspects, MCT_Score 

means UNM students are a few times taller than ChatGPT and two other 

universities. Meanwhile, the Makassar Health Polytechnic has an almost equal 

position average score ChatGPT. Apart from that, the average of the University of 
Timor is visibly different significantly among others, with a range score of only 

6.00 – 7.00. 

 

It shows that ChatGPT can give summary text with more OK, understand more text, 
and produce more appropriate answers compared to the student. However, although 
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ChatGPT is superior in this matter, the presence of man in the world of education 
Language is still significant Because man's ability to interpret and apply information 

in more context areas that are not can entirely be replaced by AI technology such as 

ChatGPT. Figure 4 and Figure 5 show the results summary of students and 

ChatGPT. 
 

 
Figure 4: Summary Result by Student No. 195 (Best Score) 

 

 
Figure 5: Summary Results by ChatGPT 



64 

 

Discussion 
The research results show that group men and women understand text similarly 
based on existing data. The difference between men and women stands out the most 

in SMT_Content and SMT_Style, with women having a slightly higher average. 

However, this difference is not statistically significant based on the results of the t-

test that was carried out. Furthermore, noteworthy score distinctions emerged 
among universities across all the measured dimensions. Moreover, supplementary 

research reveals that humans exhibit a preference for incorporating diverse sentence 

structures as opposed to ChatGPT. While the average sentence length does not 

emerge as a distinguishing factor between the two groups, notable distinctions are 
evident in the standard deviation of sentence length within a specific paragraph, as 

well as in the median difference (in terms of word count) between a particular 

sentence and its subsequent counterpart (Desaire et al., 2023). AI literacy is 

becoming increasingly important, both for the general public and professionals, so 
that they make better decisions about using AI, avoid misuse of AI, and contribute 

to the development of this technology. Individual factors reflect AI competencies: 

technical understanding, critical judgment, and practical application (Laupichler et 

al., 2023, p. 1). Findings from semi-structured interviews with a dozen instructors at 
a higher education institution in Hong Kong highlight several vital insights. These 

insights underscore the significance of educators' proficiency and confidence in 

employing AI-based teaching tools, shed light on the obstacles and anxieties 

confronted by language instructors, and underscore the demand for specialized and 
personalized support in this context (Kohnke et al., 2023, p. 1). 

Additionally, the study found that ChatGPT was significantly better at reprocessing 

text than students based on the measured aspects. ChatGPT outperforms almost 

every aspect of the assessment. However, in the MCT_Score aspect, the average for 
UNM students is slightly higher than ChatGPT and the other two universities. 

Meanwhile, the Makassar Health Polytechnic almost matches the average ChatGPT 

score. Apart from that, the University of Timor's average appears to be significantly 

different from the others with a score range of only 6.00 – 7.00. This finding is in 
line with research, which found that ChatGPT summaries obtained the best scores in 

terms of content and writing style, with scores respectively 3 and 2.5 points higher 

than student scores (Vázquez-Cano et al., 2023). BingChat, Bard, and ChatGPT 

outperform Vietnamese students in English language proficiency (Dao, 2023). The 
development of AI literacy helps reduce the digital gap between individuals and 

groups with access to and understanding of AI and those without (S.-C. Kong et al., 

2022, p. 1). This approach enables a broader spectrum of individuals to engage in 

AI development and utilization, fostering inclusivity within the AI era. Utilizing 
social robots as educational companions has been substantiated as an effective 

method for enhancing students' comprehension of AI principles (Su & Zhong, 2022, 

p. 1). The University of Florida (UF) is actively integrating AI into its curriculum 

and creating avenues for student involvement in designated areas of AI literacy, 
irrespective of their academic discipline (Southworth et al., 2023, p. 1). 

 

Conclusion 
Based on existing data, there is no significant difference between male and female 

groups in text comprehension. However, the differences between men and women 

appear to be most pronounced in SMT_Content and SMT_Style, with women 

having slightly higher averages. In addition, ChatGPT was significantly better at 
reprocessing text than students based on the measured aspects. ChatGPT 

outperforms almost every aspect of the assessment. 

This research contributes to developing the Indonesian curriculum by utilizing 

technology such as Artificial Intelligence (AI). This research can help assess the 
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extent to which the education curriculum in Indonesia has succeeded in developing 
tertiary students' text comprehension abilities. By comparing students' text 

comprehension abilities with ChatGPT, this research can provide insight into 

whether the existing curriculum is adequate in developing these abilities or needs 

changes. The results of this research can influence education policy in Indonesia. 
The government can use these findings as a basis for making better policies to 

improve the quality of education. 

This research implies that Indonesian students need to gain more understanding of 

texts compared to ChatGPT. The first implication is the need to revise and develop 
the educational curriculum. It may include improving course curricula focusing on 

text comprehension, using more practical learning methods, or integrating 

technology such as ChatGPT into the learning process. Therefore, future research 

can examine text comprehension abilities in more specific contexts, such as 
scientific texts, journalism, literature, or specific scientific disciplines. It can 

provide more detailed insight into students' strategies for overcoming difficulties in 

understanding texts. In addition, future research will be conducted on the broader 

impact of the use of Artificial Intelligence technology in language education on the 
development of student text comprehension and the potential social and ethical 

impacts. 
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